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Figure 7 - The position of each particle on the trigonal microlithotype diagram using the image
analysis technique. This figure is discussed in the "Manual and Automated Microlithotype results”
section
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Char morphology & B | Noringham

Classification
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Figure 7 - The position of each particle on the trigonal microlithotype diagram using the image
analysis technique. This figure is discussed in the "Manual and Automated Microlithotype results”
section
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How to Predict Char I ;qg;"ti;;f;ﬁ;fm

Morphology?

Inertinite > 0.50? Inertinite > 0.05? Peak Position >90?
Inertinite
fragments>3? Inertinite < 0.25? Unreactives < 0.25?
Peak position >190?

Size >60microns?

Porosity >20% or Peak position >110?
Fragments close to
Unreactives<0.05? perimeter?
. Unreactives < 0.20?
Unreactives>0.5

Peak position >90?

noise on DT of
particle significant?

Unreactives<0.25?

Unreactives>0.25? Unreactives < 0.25?

Inertinite Fragment
>27? Peak position >110?
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